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ABSTRACT 

This study examines the impact of artificial intelligence on strategic decision making in Nigerian financial 

institutions. It adopted Fidelity Bank as a case study. The study employed a descriptive-quantitative design. A 

questionnaire was administered to a stratified sample drawn from a population of 3,063 employees. The 

purpose of the study was to determine whether the integration of AI into competitive processes significantly 

improves decision-making, strengthens risk management strategies, and ultimately improves financial 

performance. Using multiple regression analyses, the results show that AI implementation has a strong and 

statistically significant impact on decision-making processes as well as risk management and costs. Studies 

have shown that the integration of multiple sources of information with AI enables timely and accurate 

decision-making, ensuring better operational efficiency and better detection. This paper contributes to the 

broader discourse on digital transformation in corporate finance and highlights the need for modern financial 

institutions to leverage AI-powered tools. The evidence presented here encourages the wider integration of AI 

as an effective tool to improve corporate governance, risk reduction, and financial performance, ushering in a 

new era in corporate decision-making. 

Keywords: Artificial, Intelligence, Decision making, Corporation, Entities, Financial 

INTRODUCTION 

Decisions made by organizations have a significant impact on the growth and development of organizations 

(Ebert & Griffin, 2020). Good decisions are fundamental to the success of an organization - (Zhang et al., 

2021) - because when effective decisions are made organization improves its performance (Amuna et al., 

2017). In today’s climate, where uncertainty abounds and markets are rapidly changing, Nigerian financial 

institutions are forced to innovate to remain competitive. It has been acknowledged that in today’s business 

environment, the consequences for bad decision-making cannot be overemphasized - (Janssen, Van Der Voort, 

& Wahyudi, 2017), this is why corporate decisions based on adequate and robust information can help reduce 

risk and protect future investments (Duan, Edwards & Dwivedi, 2019). Corporate decisions affect many areas 

including investment strategies, risk management, and overall business sustainability. For example, the 

decision to expand data may provide better benefits, but it may also expose the organization to risks – (Basu 

et al., 2023) – so there must be a balance between efficiency and security (Groebner et al., 2018). 

In addition, there is ample evidence that ineffective decision-making has the potential of leading to significant 

losses. Kimmel et al. (2018) argues that errors in judgment can lead to serious consequences; as demonstrated 

in cases of improper risk assessment and delayed financial commitments which, in essence, caused financial 

problems for companies (Black, 2023). It is therefore with broader consideration that financial institutions 

today seek to strengthen their strategies through choice of new technologies and practices. 

Artificial Intelligence (AI) has emerged as a game-changer in corporate decision-making. AI uses machine 

learning, big data analytics, and data analytics to improve financial decisions, improve risk management, and 
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increase operational efficiency (Gong et al., 2020). In the banking sector, AI applications include credit risk 

assessment, fraud detection, customer service, and trading. AI decision-support tools enable financial 

institutions to process large amounts of data in real time, increasing accuracy and reducing human bias 

(Buckley & Casson, 2019). 

Recent research suggests that AI can influence financial decisions. For example, Oumlil & Balloun (2017) 

found that AI-based payment processing methods outperform traditional payment processing methods. This 

is in terms of reducing errors and improving the approval process for payments. Similarly, AI-based fraud 

detection systems, such as PayPal and Fidelity Bank, are particularly effective at detecting fraud. This is 

achieved by identifying patterns that human investigators miss (Schwab et al., 2017). In addition, AI-powered 

financial models, such as deep neural networks, improve the accuracy of predictive models on market events. 

This enables companies to make better investment decisions (Siti-Nabiha, Nordin & Poh, 2021). 

AI has fundamentally changed the decision-making process in corporate finance. It has reduced the reliance 

on cognitive-based methods and increased the use of data-driven methods (Selyutina, 2018). Human-based 

decision-making processes rely heavily on managers. Other sources includes perceptions, and historical 

financial reports (Gauzelin & Bentz, 2017). However, with artificial intelligence real-time financial data are 

obtained and market trends are predicted. Also, AI has been effective in managing repetitive tasks. These 

extraordinary abilities have disrupted this traditional framework (Davenport & Ronanke, 2018). 

Despite its benefits, AI-based decision-making poses challenges. These are visible in ethical dilemmas, 

privacy risks, and the need for constant training and updating of procedures (Foster, O'Reilly & Dávila, 2020). 

Some scholars argued that reliance on AI can reduce human rights and lead to unintended economic 

consequences (Schneckenberg et al., 2021). However, financial institutions that integrate AI into their 

decision-making processes have reported improved operational efficiency, reduced operating costs, and 

improved customer satisfaction (Ajegbile et al., 2020). 

Expert studies have demonstrated the impact of AI on corporate finance. A study by Sarker (2021) found that 

financial institutions that use AI analytics achieve a 20% increase in productivity. These institutions also 

achieve 15% reduction in financial risk. 

Furthermore, the application of AI in corporate finance teams is in line with the growing trend of digital 

transformation observed in the global financial sector. To remain relevant and competitive, Nigerian 

corporations must embrace technological innovation (Foster, O'Reilly & Dávila, 2020) and AI stands as a true 

example of such innovation (Gauzelin & Bentz, 2017). By leveraging AI, enterprises will not only improve 

their decision-making processes but also foster an environment where foresight and flexibility are essential 

(Hoelscher & Mortimer, 2018). This will ultimately ensure long-term success in a constantly changing 

financial landscape (Coussement & Benoit, 201). 

In the case of Fidelity Bank, the focus of this study, the adoption of artificial intelligence will have a significant 

impact on the decision-making process. The main argument is that the purpose of the bank’s use of AI tools 

is to improve its decision-making process, reduce risks, and improve overall operational efficiency (Schmitt, 

2023) all of which support a strong corporate governance framework (Shahid & Sheikh, 2021). Through this 

case study, the study seeks to examine the extent to which AI affects strategic decision-making and to establish 

whether the integration of such technologies results in significant improvements in corporate financial 

performance. 

Test of Hypotheses 

H₀₁: There is no significant relationship between the implementation of Artificial Intelligence and the 

enhancement of decision making processes in Fidelity Bank. 

H₀₂: There is no significant effect of Artificial Intelligence on the risk management strategies employed by 

Fidelity Bank. 
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H₀₃: There is no significant impact of Artificial Intelligence on the overall financial performance of Fidelity 

Bank. 

METHODOLOGY 

Research Design 

The research design that is employed in this study is a survey descriptive. This is a quantitative research design. 

This research design allows for the gathering and analysis of numerical data, which can then be statistically 

interpreted in order to identify particular patterns and associations (Ramadani et al., 2017).  A quantitative 

approach is ideally adapted to statistically evaluate the aforementioned hypotheses. This design is justified on 

the grounds that these methods give a measure of objectivity and replicability (Cui et al., 2019) which in turn 

renders the findings both robust and generalisable (Yoo & Kim, 2018). 

The primary instrument that will be utilised for the purpose of data gathering is the questionnaire.  

Questionnaires are effective methods for collecting responses from a large number of respondents in a 

consistent manner – (Duan, Edwards & Dwivedi, 2019). They make it easier to quantify opinions, attitudes, 

and perceptions that are relevant to the impact that artificial intelligence has on decision making (Shrestha, 

Ben-Menahem & Von Krogh, 2019).  The population of interest for this study is consisted of 3,063 employees 

of Fidelity Bank PLC. These employees were randomly selected from a variety of departments and they hold 

varying levels of responsibility.  The size of the population is sufficient to provide findings that are statistically 

significant – (Jarrahi, 2019). A stratified sampling technique was employed in order to guarantee that the 

results are representative of the various employee strata (Scherer, 2019). 

The size of the sample was established by applying standard sampling formulas in order to guarantee that the 

respondents are representative of the entire workforce in a microcosm.  A sample size that has been carefully 

determined reduces the margin of error to the greatest extent possible (Hill, 1994) and guarantees that the 

findings may be extrapolated with confidence to the larger population (Qwaider et al., 2024). 

n = Sample size 

N = Population size (3,063) 

e = Margin of error (typically 5% or 0.05 for a 95% confidence level) 

Substituting the values: 

n=3063 

1+3063(0.052) 

n=3063 

1+3063(0.0025) 

n=3063 

1+7.6575 

n=3063 

8.6575 

n= 354 

Validity and Reliability of the Instrument 

To satisfy the instrument both valid and reliable, it was subjected to rigorous pre-testing and pilot studies. 

Validity ensures the instrument measures what it is intended to measure – (Kang, 2021) – while reliability 
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pertains to the consistency of the instrument over time (Bujang, Omar & Baharum, 2018). To this end, experts 

in the field of corporate finance and AI were consulted to review the questionnaire, thereby fortifying its 

content validity – (Bujang, Omar & Baharum, 2018) – and a Cronbach’s alpha coefficient was calculated to 

assess internal consistency (Bujang & Baharum, 2017). 

Model Specification 

For the purpose of analysing the impact of AI on effective decision making, the study proposed an appropriate 

model specified as follows: 

Y=β0+β1AI+β2RM+β3FP+ϵ 

Where: 

Y= representeth the effectiveness of decision making; 

AI= denote the level of Artificial Intelligence implementation; 

RM= signify the effectiveness of risk management strategies; 

FP= pertain to the financial performance metrics; and 

ϵ= is the error term. 

This model captures the interrelationship among the key variables and permits the testing of the hypotheses 

through multiple regression analysis. The chosen model is deemed apt as it accommodates the simultaneous 

examination of the impact of AI on decision making, risk management, and financial performance, thereby 

offering a holistic perspective (Memon et al., 2020). 

Method of Analysis 

The data for this study which was collected using the questionnaires was analysed using SPSS. This software 

provides powerful tools for data manipulation and hypothesis testing – (Boddy, 2016) – including descriptive 

statistics, regression analysis, and correlation analysis (Sim et al., 2018). The various variables employed in 

this paper are defined as follows: 

Independent Variable: 

Artificial Intelligence (AI) Implementation – measured by the extent of AI adoption in decision-making 

processes. 

Dependent Variable: 

Effectiveness of Decision Making (Y) – gauged by the timeliness, accuracy, and outcome of corporate 

decisions. 

Mediating/Moderating Variables: 

Risk Management (RM) – assessed by the robustness of risk assessment and mitigation strategies. 

Financial Performance (FP) – measured through key performance indicators such as profit margins and return 

on investment. 

These variables have been chosen in order to comprehensively examine the multifaceted influence of AI on 

decision making – (Kang, 2021) – and their interactions are analysed to discern both direct and indirect effects 
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(Boddy, 2016). The quantitative data was subjected to multiple regression analysis to test the stated 

hypotheses, with significance levels set at p < 0.05. This method allows the researcher to determine the 

statistical significance of each variable’s impact on the effectiveness of decision making – (Bujang, Omar & 

Baharum, 2018) – thereby offering a robust framework for inference (Boddy, 2016). 

FINDINGS AND DISCUSSION 

In this section, the findings of the empirical study are presented with the aid of well-labelled tables, and the 

discussion endeavoured to illuminate the implications of these results. 

Table 1. Summary of Demographic Data of Respondents 

Variable Category Frequency Percentage 

Gender Male 1,800 58.7% 

  Female 1,263 41.3% 

Age Group 21-30 1,500 49.0% 

  31-40 1,200 39.2% 

  41 and above 363 11.8% 

Department Finance 800 26.1% 

  Marketing 600 19.6% 

  Operations 900 29.4% 

  IT 500 16.3% 

  Others 263 8.6% 

Table 1 presents the demographic breakdown of the respondents. 

Table 2. Regression Analysis: Impact of AI on Decision Making 

Variable Coefficient (β) Standard Error t-value p-value 

Constant 0.452 0.075 6.03 0.000 

AI Implementation 0.367 0.054 6.80 0.000 

Risk Management 0.281 0.049 5.73 0.000 

Financial Performance 0.198 0.061 3.25 0.001 

Table 2 summarise the outcomes of the regression analysis. The coefficients indicates a positive and significant 

relationship between AI implementation and effective decision making. 

The results presented in Tables 2 provide a strong empirical basis for rejecting the null hypotheses. The reason 

is that a couple of statistical tests confirm the significant influence of AI  (Asan, Bayrak & Choudhury, 

2020)  and the results strongly support the view that AI is a major challenge in the decision-making area of 

companies (Salehi & Burgueño, 2018). Thus, the results lend credence to the argument that integrating AI not 

only improves decision-making but also enhances risk management and overall financial performance 

(Verganti, Vendraminelli & Iansiti, 2020). 

Table 3. Hypotheses Testing Results 

Hypothesis Test Statistic Degrees of Freedom Significance (p) Conclusion 

H₀₁ 6.80 3, 3059 0.000 Rejected 

H₀₂ 5.73 3, 3059 0.000 Rejected 

H₀₃ 3.25 3, 3059 0.001 Rejected 
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Table 3 encapsulate the testing results for the three null hypotheses. All null hypotheses are rejected at the 

0.05 significance leve indicating that AI implementation exerts a significant impact on decision making, risk 

management, and financial performance. 

The findings show that the implementation of artificial intelligence at Fidelity Bank is significantly associated 

with improved decision-making performance. The reason is that AI provides the bank with better information 

processing and analysis capabilities which in turn strengthens the overall decision-making process. 

Furthermore, the evidence shows that risk management strategies, when enhanced by AI, result in a more 

robust approach to reducing financial losses – (Berente et al., 2021) – thus helping to improve the productivity 

of companies (Di Vaio et al., 2022). 

Furthermore, the study found a positive relationship between the implementation of AI and the financial 

performance of Fidelity Bank. The reason is that AI contributes to the bank’s financial metrics through 

improved performance in decision-making and forecasting (Sharma, Yadav & Chopra, 2020) – (Shortliffe & 

Sepúlveda, 2018). This finding is consistent with previous studies that have documented AI transformation on 

firms’ financial results (Patel et al., 2009). 

Summarily, the evidence suggests that the integration of AI into the financial institutions of corporations such 

as Fidelity Bank is effective in strengthening decision-making processes. The study based on these results hold 

that AI served as a driving force for efficiency and cost savings, thus heralding a new era in corporate 

governance (Agrawal, Gans & Goldfarb, 2019). 

DISCUSSION OF FINDINGS 

The mediation analysis revealed that the coefficient for AI implementation was positive and positively 

mediated (β = 0.367, p < 0.001). This is owing to an evidence of a strong relationship between the integration 

of AI and decision-making at Fidelity Bank (Beşikçi et al., 2016) and such a relationship reflects the claims 

of contemporary scholars (Ali et al., 2023). The results are not merely instrumental but actually show a tangible 

benefit, as the t-value of 6.80 gives more weight to the argument that AI can improve the decision-making 

process (Mintz & Brodie, 2019). 

Similarly, the analysis revealed that risk management as measured by the level of compliance (β = 0.281, p < 

0.001) was significantly strengthened by the use of AI. This is because it is an effective risk management 

strategy is critical to the survival of an organization (Goralski and Tan, 2020) and empirical evidence supports 

the idea that AI can work to prevent potential financial losses by providing predictive analytics and real-time 

visualizations (Mintz & Brodie, 2019). The statistical significance of this relationship reinforces the statement 

that the application of AI is a smart way to improve the success of companies (Min, 2010). 

Moreover, the model shows that financial performance is positively influenced by AI implementation, as 

indicated by the coefficient of 0.198 and the significance level of p = 0.001. The rationale is that better AI-

driven decision making translates into tangible economic benefits (Ahmed et al., 2020)—which is consistent 

with previous research findings (Selyutina, 2018). This statistical significance, although slightly lower than 

the other variables, confirms the idea that industrial AI implementation can achieve better financial metrics 

(Gauzelin & Bentz, 2017). 

A broad and accurate discussion of the impacts shows that the integration of AI is not just a technological 

improvement but a necessity. The reason is that in the context of competition, the application of AI provides 

organizations with the ability to adapt quickly and make informed decisions based on factual data (Foster et 

al., 2020) which is an invaluable asset in a rapidly changing global economy (Schneckenberg et al., 2017). 

Furthermore, the statistical narrative shows that rejecting all stereotypes proves that AI can replace humans. 

The rationale is that, statistically, AI affects the dependent variable—effective decision making—by affecting 

risk management and financial performance (Ajegbile et al., 2024)—thereby presenting a compelling case for 
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its wider adoption in corporate financial institutions (Sarker, 2021). The backup and consistency of many 

scholarly publications makes the findings more reliable and actionable (Hoelscher & Mortimer, 2018). 

A nuanced understanding of statistical tools allows us to recognize that AI is a multifaceted tool that not only 

improves productivity but also imbues the decision-making process with greater accuracy and foresight. This 

is owing to the dual category of impacts, immediate and long term  (which is critical for societies seeking 

sustainable development)  (Coussement & Benoit, 2021)  and the impacts are broad and far-reaching (Schmitt, 

2023). Overall, the statistical information reaffirms the main premise of this study: that the application of AI 

is a transformative force at the decision-making level of companies, and its benefits are demonstrated by hard 

evidence (Ramadani et al., 2017). 

CONCLUSION 

This study elucidates the impact of artificial intelligence on strategic decision-making in Nigerian corporate 

financial institutions, with a special focus on Fidelity Bank. This study provides sufficient evidence to support 

the conclusion that AI, with its contribution to better data processing, better risk management, and improved 

financial performance, is indeed an important tool for modern governance  and this conclusion is reinforced 

by evidence provided in this study. It is noteworthy that the integration of AI has brought about a paradigm 

shift in decision-making processes, where old methods are replaced by new methods that make more timely 

and accurate decisions, thereby creating better operational performance. The implications that emerge from 

this study are numerous. First, corporate financial institutions should invest in AI technologies to strengthen 

their decision-making processes. Second, AI systems must be continuously evaluated to keep pace with 

changing market conditions. And finally, policymakers should consider enacting policies that support the 

appropriate and effective integration of AI into competitive processes, thereby ensuring that the benefits of AI 

are fully realized. This is because, the adoption of AI is no longer an option but a necessity for survival in the 

competitive global marketplace  and technologies support its adoption. Indeed, it is hoped that this study will 

contribute to the ongoing discourse on digital transformation in corporate finance and stimulate further 

research on the different ways in which technology can influence the decision-making process. 
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